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« Convolutional Neural Network (CNN)
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e Data Augmentation
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datagen = ImageDataGenerator(
horizontal flip=True,
vertical_flip=True,
rotation_range=30,
zoom_range=0.2,
width_shift_range=0.2,
height_shift_range=0.2,
shear_range=10,
fil. mode="constant",
rescale=1.0/255.0,

)
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rescale
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train_datagen = ImageDataGenerator(
rescale = 1.0 / 255,
shear_range = 0.2,
zoom_range = 0.2,
horizontal_flip = True)
test_datagen = ImageDataGenerator(rescale = 1.0 / 255)
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train_generator = train_datagen.flow _from_directory(

train_data_dir,

target_size = (img_height, img_width),
classes = classes,

batch _size = 32,

class_mode = 'categorical’)
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vgg model = VGG16(
include_top = False,
weights = 'imagenet’,

input_shape = (img_height, img_width, 3))
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model = Sequential()

model.add(vgg _model)

model.add (Flatten())

model.add(Dense(256, activation='"relu’))
model.add(Dropout(0.5))
model.add(Dense(nb_classes, activation='softmax"))
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for layer in vgg model.layers[:15]:
layer.trainable = False
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mc_cb = ModelCheckpoint(
filepath = 'drive/MyDrive/finetuning.h5',
monitor = 'val_loss’,
verbose = 0,
save best only = True)
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history = model.fit(
train_generator,
epochs=epoch,
validation_data = test _generator,
callbacks = [mc_cb]))
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model = load_model('drive/MyDrive/finetuning.hb')

pred = model.predict(x)[0]
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github.com/wt501/sample_programs/image _augmentaion.ipynb
github.com/wt501/sample_programs/fine-tuning.ipynb
github.com/wtb01/sample_programs/classify.ipynb
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Google Colab

<ERZ173Y>

NumPy. pandas, scikit-learn. matplotlib. TensorFlow. Keras

www.amazon.co.jp/dp/4910558012
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